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Retail Analytics: Introduction Data Analytics

Dr. Robert P. Rooderkerk

Academic Director Retail Analytics, Erasmus Centre for Data Analytics
Academic Director MScBA Business Analytics & Management, Rotterdam School of Management

“The retail value chain has seen an influx of new technologies that have led to an abundance of
data. Unlocking the potential of these data for improved decision making requires the successful
implementation of advanced analytics solutions.

The retail analytics lab designs new advanced analytics solutions that can help companies in the
retail value chain make better data-driven decisions faster.
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The Retail Analytics Lab: Overview

We are an international group of scientists working on managerially important topics related to retail
analytics. We combine deep domain knowledge of many aspects of retail with hands-on experience

with advanced analytics.
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The Retail Analytics Lab: Overview (@i

The Retail Analytics Lab aims to:
1. Facilitate interactions between academia and retail practice

2. Disseminate and increase the impact of academic research

Collaboration opportunities can take different shapes:

* Data sharing and research collaboration
« Contract research/consulting

* Research funding (e.g., PhD projects)

* Guest lectures

* Use of data sets for educational purposes
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Team // research interests Data Analytics

Robert Rooderkerk, Associate Professor and Director // retail analytics, omnichannel retail, marketing-operations interface,

assortment planning, new product development, store analytics

René de Koster, Professor // warehousing, robotics, material handling, container terminal operations, behavioral operations,

retail operations, and sustainable logistics

Niels Agatz, Associate Professor // last-mile, ridesharing, drone delivery, on-demand delivery, omnichannel,, sustainable logistics
Debjit Roy, Associate Professor // restaurant analytics, transportation, warehousing, container terminal operations

Remy Spliet, Associate Professor // last-mile logistics, retail transport, sustainable logistics

Michael Becker-Peth, Assistant Professor // inventory management, behavioral operations management

Jelle de Vries, Assistant Professor // restaurant analytics, warehousing, behavioral operations management, behavior in truck
transportation

Muge Tekin, Assistant Professor // competitive intelligence, location analytics, restaurant analytics
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Examples of Collaboration with Practice



Omnichannel Retail

RSM Discovery

Omnichannel retailing:
making smarter choices

with Robert

Selecting the right assortment of products to carry is a perennial
challenge for most retailers. Even for online retailers, dlstrlbutlon
" mental

‘centre space and

and Marijn van Weele

present

Faced with too many choices, the consumer will shy away from buy-

ing anything at all.

Unil 2 feyears 2o, Coolblue, the fast-
‘growing omnichannel retaier based in
Rotterdam, had deait with the issue of
assortment the way mest retailers al-

An introduction

As he wrestled with ths issue, a col-
league invited van Waele to an evening
seminar on assonment planning led by
Associate Professor

ways have: abaut
what 10 cary based on suppier discus-
sions and managers’ gut feeings

But as the business grew. this tra-
ditional approach had become unsus-
tainable. In certain departments, shop-
pers wera being inundated with options
— nearly 200 kinds of power banks, for
example. We were basically canfusing
the customers with 2 lot of options that
for them are vary similar, This is not re-
ally 2 good way to help our custom-
ers, 50 we started asking. how can we

choices?

i the Department of Technology and
Operations Management at RSM.

After the seminar, the two contin-
ued to speak about ‘our shared pas-
sion for assortment related challenges,
Rooderkerk remembers. This introduc-
tion began an ongoing dialogue, in
meetings both t fSM's campus and at
Coolblue's offices. Those meetings first
focused on Marijn sharing challangas and
me discussing state-of-the-art research
on assortments, Rooderkerk said
also told van Wesle

van Weele, Head of Margin Optimization
(Assortment. Pricing. Forecasting. Bid
Management.

This sounds like an easy question
to answer, but it isnt. In fact, Coolblue
faced 2 dilsmma retalers ofien face:i’s
a5y 1o cut stock keeping units (SKUs),
but what if some of those choices
satisfied very particular nesds? How
could van Weele be sure that the ef-
fort to cut complexity wouldn't actually
reduce sales?

28 | 1st Quarter 2020

about an analytics tool for assortment
optimisation he had developed while
working on 2 methadology to optimise
the composition f grocery store assort -
ments. The analytics he developed on
that project made it possible to evalu-
ate the precise degree of overiap in the
attributes of any two products in a giv-
en assortment — for instance, whath-
er two kinds of laundry detargent did
more of less the same thing, or had
different benefits.

Rooderkerk believed that his tool
could be adapted to handie a much
larger number of products and a larg-
&r number of sttributes than those he
had programmed it to handle. In theo-
ry. Rooderkerk thought, it should work
a5 well for consumer electronics at an
online siore as for consumer package
goads in a grocery store. If he could
prove that it worked on power banks
aswellas it i on potato soup, he could
help many companies shrink their over-
all nurmber of SKUs wi

said spokeswoman Ottelien van Pelt,
“bath by reducing product types in the
assortment and the number of products
within a product type.

in s, such as power

In adidition 1o helping Cooiblue im-
prove ts efficiency, the Coolblue-FISM
collsboration has enabled Rooderkerk
to nat only validate and extend the

of his taol

banks, van Weele's team has reduced
the assortment dramatically. However.
van Pelt said, ‘thers are also product
types where we did the opposite and
expanded the assortment.”

In laptops, for example, the datz re-
vealed that customers were searching

customers’ meaningful choices.

Buthe needed real retadl data to vali-
date and refine his aigorithm — and he
realised that Coolblue might be the per-
fect candidate

Improvements every day

Their collaboration started small.
‘Coolblue has a good motto, which is
to try to make 3 small improvement
or 3t least some improvement ave-
ry day. And 5o that's how we started.’
Rooderkerk said.

The first tangible product of their
collaboration was a joint lecture at IS
on the thecry and practice of assort-
ment planning. Rocdsrkerk also sent 3
master's studant to wark 2t Coolbluz on
assortment issues. joindly supervised by
him and van Weele.

Since then, the twa have maved on
to more comglex and zmbitious pro-
jects. For example, undsrstanding how
10 make his tool work for sorting deci-
sionsina complex category, such s lap-
tops, which have mira than 200 festu

The tool has made 3 dramatic dif-
ference to Coolblue. ‘Overal, we have
reduced our assortment substantialy,

for laptops -

pliers had not satisfied, such as 3 very

high-end MacBook with highly en-
Now, st

but to begin working an new assort-
ment tools a5 well. We have locked
at other dimensions of assontment
structure that, together with assort-
ment size, affect the number of web-
site visitors and conversion, he s3id
So far, their research has shown that
both the structure of 3 Calegory’s as-
sorment and the number of choices
offered matter.

their suppiers about the spots they were

The c has yielded
pm:lical benefits to both partners:
assortment pro-

el out very quicky, said van Pelt

cessﬁfnrﬁmlh\u!_and several pa-

www rsm nl/discovery

‘We were basically
confusing the
customers with a
lot of options that
for them are very
similar.

Marijn van Weele, Head of Margin
‘Optimization, Coolblue

RSM Discovery
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Omnichannel retailing:
making smarter choices .,

Interviews with Robert Rooderkerk and Mariin van Weele

pers for Rooderkerk - two published,
and one under review, on omnichan-
el assorment planing, marketing-
operations challanges in omnichan-
el retail settings, and finally, the path

Erasmus Centre for

Data Analytics

e said, they
pable of rapid prototyping, a good un-
derstanding of the inerdependncies
between different firm functions, par-
ticularly marketing and operations and

using Their collabora-
tion is also becoming mare central to
Rooderkerk's research. Now, he says.
e is working directly on the Coolblue
research with his colleagues, and not

of new product inan
omnichannel world

Im addition, Rooderkerk, who s also
Academic Director of RSM's new MSc in
B Analytics sid

‘espacially assort-
ment and pricing”

Assorted answers
Today, and van Weele

he has gained a better sense of the skill
that he wants the students in the pro-
gramme to develop ‘Basides soft skills;

continue to work on the problem of
assortment for an omnichannel ra-
tailer, and have just bequn 2 project

"Coolblue has a good motto, which

is to try to make a small improvement
or at least some improvement every
day. And so that's how we started.”

Robert Rooderkerk, Associate Professor, Department of Technology and
Operations Management. RSM

30 | 1stQuarter 2020

studants.

The exacutive and the academic are
thus working together now 1o try to
answer a variaty of questions that are
important to Coolblus specifically and
next-generation retail generally. For ex-
ample, ara the assoriment dynamics the
‘same for Coolbiue's 11 physical stores as
farits online store, or should Coolblue
hhave a differant assortment stratagy in
its physical stores? How does blurring
the line between online and bricks and
‘mortar stores affect assortment? What
products should Coolblue display in the
store, given that space is Bmited and tak-
ing into account the fact that consum-
‘ers might inspect a product in store but
then buy onfine?

s for the Coolblus-RSM collabo-
ratian, the assortment seems optimal
Coolblue has less inventary to man-
age, Coolblus's customers have fewer
but better choices to make, and RSM
has new insights into the challenges
of assortment and an advanced set of
analytics tols that can benefit retailers

everywhere B

Robert Rooderkerk is Associate
Professor. Department of Technology
and Operations Management,
Rotterdam School of Management,
Erasmus University.

T rooderkerkgrsmnl

Coolbiue T www.coalbiueni
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Examples of relevant publications (incl. links)



Omnichannel retail (R

Omnichannel Assortment Planning — book chapter highlighting the challenges involved in omnichannel

assortment planning at the strategic, tactical, and operational level.

New Product Development in an Omnichannel World — article explaining how the new product

development process at manufacturers is changing in an omnichannel world.

Challenges at the Marketing—Operations Interface in Omni-Channel Retail Environments — the omnichannel

business model requires more interaction between the marketing and operations functions of the firm to
address the challenges on their interface. This article highlights these challenges and provides some

directions on how to tackle them.


https://link.springer.com/chapter/10.1007/978-3-030-20119-7_4
https://journals.sagepub.com/doi/full/10.1177/0008125620951969
https://www.sciencedirect.com/science/article/pii/S014829631930699X
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Omnichannel distribution and fulfillment

Optimizing Omni-Channel Fulfillment with Store Transfers - Exploiting spare capacity in vehicles

replenishing store inventories to reduce online order fulfillment cost by transferring online orders to these

vehicles at one or more of the stores visited.

Anticipatory shipment for pickup point supply - Methods to decide which items to ship to (store) pickup

points in anticipation of demand


https:/www.sciencedirect.com/science/article/pii/S0191261518311913
https://www.sciencedirect.com/science/article/abs/pii/S0305048317311283

(175, Erasmus Centre for

Online retail/last-mile logistics Data Analytics

The time window assignment vehicle routing problem - Methodology to select time slots for retail

operations.

E-fulfillment and multi-channel distribution—A review - Overview of challenges and decision support models

for e-commerce order fulfillment and multi-channel distribution.

Optimization approaches for the traveling salesman problem with drone - Methods to combine delivery

operations by an autonomous drone and a regular delivery truck


https://pubsonline.informs.org/doi/abs/10.1287/trsc.2013.0510?casa_token=r3_itxJt-cMAAAAA:3DPNUySlCxGBakDHIMIMSwuCQ7ViVq8sYBSf1PYXerI-fvkGuoL0X0FUgKvxhzTea6V5oeGkBQ
https://www.sciencedirect.com/science/article/pii/S0377221707004195?casa_token=FYqVoEbuxSIAAAAA:TeCcw7XebfzLewQNY79tEVzCmypkvoGp56H3F_jDeuOmaGZJmPCNvlFMImu9s1WvQBk1QBM7iw
https://pubsonline.informs.org/doi/abs/10.1287/trsc.2017.0791?journalCode=trsc

Restaurant Analytics (R

= Worth the wait? How restaurant waiting time influences customer behavior

and revenue — Article combining empirical analyses and simulations to
demonstrate the impact of waiting time on customer behavior, and to
estimate the long-term revenue implications of making customers wait.

» Rejection is a challenge: leveraging customer segmentation in restaurant
reservations to boost revenue (finished working paper) — Article investigating
the determinants of customer no-show and cancellation behavior, and
deriving restaurant reservation management strategies that can enhance
revenue

= Optimal location for competing retail service facilities — Analytical

Source image:

approach to solve the location problem for retail Service facilitieS’ https://wptavern.com/happytables-pivots-to-provide-restaurant-analytics-and-insights

consumer-facing storefronts, specifically restaurants, that provide a
service and compete with other retailers to some degree or the other.


https://doi.org/10.1016/j.jom.2018.05.001
https://papers.ssrn.com/sol3/papers.cfm?abstract_id=3583413

Restaurant Analytics
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Customer loyalty and queuing:

was it worth the wait?

By Jelle De Vries and Debjit Roy

The deferment of gratification can be an admirable trait in those of a
religious dispesition. It is prebably not, however, what most of us want
to practise when gaing out for dinner on a Saturday evening with friends
and family. But how does waiting time affect customers. and can res-
taurant ing to their adv 7

D!

WaHing time has come In for 3 degree
Of AC30RMEC and OHNEr ST CowN the
gecades, but probably desarves further

“For the provider of
the service, the ability

How Many CUStOmers are waltng? How
many staff are on duty to meet their
nescs? What wel Rappen If the equa-
5o Is changed 5o that thare ara more
SKBT and/or fewer cusiomers?

FIOM the CUSIOMmar's point of view,
the emphasis Is usually on the quallia-
tive Paople see walting 25 3 core e
men: of the experience, which, If han-
dle cormectly by the senvice provides,
can even enhance the experience. A
ciassic example almos: Inevkatly arises
In conversation with pecple who Kave
‘visived one of the globally nown Disney
Fesorts as part of a noliay of 3 Lfetme.

“Tries Wil 36TIoS atways 53y they nad
£0 QUEwe for NOUTS, ol Managed to
expariance 3 few of the rides they had
NOpEd 10 and spent 3 forwne. Bt they
almicst aliways say they had 3 grast me
FOF e CONSUMEr, tne lengin of the walk
and ine owerad enjoyment are all par of
tne experience, suggesiing nat, 3s tne
tradiiona| provert puts i, |t can be bet-
ter 10 travel than 1o arrive.

Waiting can be profitable

For the prowider of the sendce, the 2l
ity t0 QEnerate qaMON2! reverue fom
the people walting shows there can be
a posiEve In making tnemm wait, IF only
0 persuiade them to par with additional

The researcn to
date focuses mastly o two very clear
perspectves. One, that of the service
prowider Two, that of the consumer
From e providers poin of wew,
the emphasis Is usually on the quand-
£BHVE. How Many E0Ies G0ES the res-
turant have? How might they be con-
figured? For one ciner? For rwo? Three,
four, five, slx, seven, elght or even more?

to generate additional
revenue from the people
waiting shows there can
be a positive in making
them wait...”

equia-
lene of spesdy boarding And racen re-
SEAMCT OF QUEUING 10 DUy CUPCaKes Ina-
cates that the longer people quasd, the
Micee CUDCEAES ihey avensually went on
0 BUy. It 5eems that people want tous-
Y 40 HNaMSENEs rat thay Walted, and
Wil ConsUmE more In response.

It might be Il acvised, however, o
even atemp to replicane the experience

Customer loyalty and queuing:
was it worth the wait?

By Jelle De Vries and Debji¢ Ray

wih a 38 centre queus, where the peo-
pie Joining the queus whi mas: likely e
angry andior upse 2t the time of joining.
Ey th2 time they P23 £0 3 Numan te-
Ing, the miost eely resuls of thelr lengiy.

andured Into an engoysble pant of the.
overall experience,

A working knowledge of Elnsteln's
NECrY OF Fesatiy Mgt COme In use-

A diner who doss not know about the
quakty, mignt use the queue as 2 signal
of quallty. In other words, 3 diner might
25UMme that tnere are INFOImesT cus-
tomars In the queus who are waiting be-

walt wil be 2 10ss ana a bout

ful here, enabling n Informed epinion
=]

‘of angry shoutng. rather than an out-
reak of FgN Mves and laugier.

Few rastaurants might be abie to
MEtch the Deney organisa€on in de-
Ivering that qually of enjcyment, but
EN0SE WG Make the segniest effort and
ffer quick defvery of 3 drink of two to
those waing for 3 tabie, or oMfer a fres
basket of bread and chilli oil to these
SIHNG 3t 3 table WAItiNg t0 Nave tnelr
rder taken and prepared, will deliver
2 gegres of SSFaCtion that goes be-
yond the financial cost. Tris can wrans-
FOITT Wasing FrOm 3 Core tha must ba

"By the time they speak
to a human being. the

most like

ly result of their

lengthy wait will be a loss
of temper and a bout of
angry shouting.”

16 | 1 Quarer 2020

M in the queus znd actusl lapsad dme.

The propensity to queue
‘SHCXING Wit FESKaUF2nes, and the pro-
pensity to queus, anecdotal evidence
POINes b0 the exiStence of what we 3l
prabably think of s “empey restaurant
synarome". This Inclines us to ook for
a restaurant with customers already
at tabie. 25 e INStINCEVely folow our
Perd meneasty.

However.  diner WNo Kows aDout
e quallty of 3 restaurant will protably
Nt MING EntENng Ik Wen Ik 1S Empey

c offers goad quasty.

Even .3 proposed altemati resta-
Fant 15 Fus. If one Of two Members of 3
Qroup have aten thers praviously, they
268 1N 3 Posion 1 rEcommant 1 ialr
comparions that it s “worh the wall” -
Especiany I they Can Nave 3 drink of
nibbie or fwo white walking.

This opers Up whe new area far
discussion, on whether queuing cus-
tomers snould e Encouraged to pre-
order to reguce the eventual tme spen:
3t tabie. TNIS COUSE, NOWeVEr, 125t the
Kitchen stafl 1o capachy as |t leads to
Evan NIgner paaks In KitChen work-

Ioad, a5 the demand for iitchen out-
PUt 5 N0 ionger Capped by the numper
of seats.

Diners-In-waling might not ven
realise that watching the serving of
tasty disnes while waldng for a table
€3N function a5 an appetser, and wal-
let opener, wiggering the ordering of
and paying for more f00d than planned
whan aven:ually saated

Restaurateurs must Deware, though,
trist we all Fave different trigger poinis
Some peopie might walt an hour or
w0 3t 3 FAWDUTIbS TESKBUaN:, reassir-
Ing themseives tnat i will be “werihthe
‘wait". Some might Leave within five min-
utes, even at a favourlie restaurant, IF
they sensethat sometning Is amiss witn
service. Some mignt go ana fnd a o -
feren restaurant aliogether

The evolution of dining
1+ COUMT De 2rgURA that the evolLtion of
aining for tne masses srom the SImple
consumption of necessary fuel s one
of tne OEMNINg Characteristics of e
modsm era

Dining as a leisure activiey has long
Deen 3 Skaple OF Ufe fOF the Wealny.
Dinner for the fich has seldom, If ever,
been simply a starung point for e
evening, but the evening Itself.

A5 such self-Induigent benaviur
nas trickied down tne soCla-eco-
nomic Ladder, 5o it has become more
IMprtant not anly to serve paiata-
ble food, but also to make diners feel
more comfornable (but not too com-
Fortabie, 25 rapid wMOVer of tables I
2 key element of the business mod-
£11n tne fa5t-f000 200 casuzl AIning
restaurant segments].

©
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‘Restaurateurs must beware, though, that

we all have different trigger points.”

1N t003Y'S COMPEtitve Envronment,
a restaurant might get sway wih senv-
Ing poor food but Not with providing a
poor expeniance.

anecdotal, and looking to the lessons
Learme from eraditional stugles, researcn
underaken In 1992 and repiicated In
2008 cemonstrated tne IMPact tnat
background neése can have on con-
sumer behaviour. Ralsing the volume of
music by a few declbels, for Instance,
ENCOLr=ges Men to buy More Deer; pos-
SIDIY KI5 N2 MACh e3sler 10 annk tnan
0 ok a convessaron.

The Issue of 0213153 Key gewl In the
successul teling of this queing story.
‘Whike call centres rouinely coliect mass-
25 0F 033 1N £he COUSE OF thel T2l 1ou-
ine, there have untl now been few daz-
QS0 SEUICHES OF e EStEUrant Ser.
The general view Is that pecple
ome. wak or don't wak, 2nd go. In our
Sy, based O 3 targeted restaurant
i Bangalore In Indlz, we used 3 spe-
121 3pp. 3 SOpNIsticated digial restau-
ran: resenvation and 1atle-management
péatform, which required customers to
69 In In order to join Its quese. and
wacked exactly when customers were
assIgnad 0.3 table, and when they Iek:
ne restauran, »
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Assortment planning Data Analytics

=  Optimizing Retail Assortments — Methodology for optimizing the composition of store-level category

assortments.

=  Robust optimization of the 0—1 knapsack problem: Balancing risk and return in assortment optimization —

Methodology to optimize store-level assortments that balances expected return and risk inspired by

portfolio optimization

» Incorporating Consumer Product Categorizations into Shelf Layout Design — Methodology to optimize

category-level shelf layouts based on consumer product categorizations


https://pubsonline.informs.org/doi/10.1287/mksc.2013.0800
Robust%20optimization%20of%20the%200–1%20knapsack%20problem:%20Balancing%20risk%20and%20return%20in%20assortment%20optimization
https://www.dropbox.com/s/jizb0cg5rzhi33p/Assortment%20Layout%20(Rooderkerk%20and%20Lehmann%20JMR%202020).pdf?dl=0

Inventory Management @32‘1”5”332?3&?;

= Multiperiod Inventory Management with Budget Cycles: Rational and Behavioral Decision-Making — Analysis

of how the framing decision environment affects inventory decisions



Wa rehOUSing @ Erasmus Centre for

Data Analytics

Capacity Analysis of Sequential Zone Picking Systems - Developing a capacity model for sequential zone

picking systems.

Estimating performance in a Robotic Mobile Fulfillment System — Modeling robotic mobile fulfillment

systems and analyzes their performance.

Modeling, Analysis, and Design Insights for Shuttle-Based Compact Storage Systems — Effect of alternate

technologies on order throughput time performance

Human-Robot Collaboration in Warehouse Order Picking — Comparing the objective outcomes of
productivity and accuracy in two collaborative setups with the human leading the robot versus the human

supporting the robot (under review)


https://pubsonline-informs-org.eur.idm.oclc.org/doi/10.1287/opre.2019.1885
https://www-sciencedirect-com.eur.idm.oclc.org/science/article/pii/S0377221716305227?casa_token=9HEkTWd3Jh8AAAAA:YC_CEIY5egsMnTQC6OJK_CaLK3znuKMY5Rtppg2KrQ8h8tY2n7subEbn028V7mUUV7D6SCsYG14
https://pubsonline.informs.org/doi/abs/10.1287/trsc.2016.0699?casa_token=FiQb7Yuy6eMAAAAA:HxScucnjL7gB1U5fRaqRE3y9I4DZfhAN2s3UET8iUSaZYNAnmZYcG-7xsMgZt_aD7fbE1KyK-bo

Truck transportation @32‘1”5”332?3&?;

= Determinants of safe and productive truck driving: Empirical evidence from long-haul cargo transport —

Empirically identifying the determinants of safety and productivity in long-haul truck transportation

» |nthe Driver's Seat: The Role of Transformational Leadership in Safe and Productive Truck Cargo Transport
— Investigating the effect of safety-specific transformational leadership (SSTL) on the performance
outcomes of safe driving and driving productivity in both long and short-haul truck cargo transport (under

review)


https://www.sciencedirect.com/science/article/pii/S1366554516303489?casa_token=HhT-8-H0vSIAAAAA:DreTRy_irk7NQHjxht3HBV_myZex_QgeUe87Vv5h9Kr6pt2EA-oPQjrMZsGPrjOkWeMyDXgB5ds

Truck transportation

Rotterdam School of Management

S@R%W/M | Erasmus University
A drive for safe and productive trucking

-

Stay Informed

René de Koster

Professor of Logistics and Operations
Management
See profile

Jelle de Vries

Assistant Professor
See profile

Debjit Roy.

Associate Professor of Logistics and
Operations Management
See profile

Alexandros-Myron Pasparakis
PhD Candidate
See profile
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RSM Discovery Home > Discovery: Research impact > Articles

> Adrive for safe and productive trucking in India
in India

One of the highest rates of fatal road accidents is in India, where more than 231,000 people
lose their lives on the roads very year. This terrible statistic gets worse: approximately 65 per
cent of fatal crashes in India are caused by trucks. Besides the obvious direct consequences
— the lives lost, the injuries sustained, the liabilities incurred — there’s also a hegative effect
on the productivity of the trucking company. But research led by Dr Debjit Roy, of
Rotterdam School of Management, Erasmus University (RSM) and Indian Institute of
Management Ahmedabad (IIMA) has uncovered how truck drivers — and truck fleet
managers — can reduce this terrible toll on lives and on business.



https://discovery.rsm.nl/articles/410-a-drive-for-safe-and-productive-trucking-in-india/
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Ongoing Research Projects



Omnichannel retail (R

Managing the Marketing-Operations Interface in Omnichannel Retail — A special issue on operational

challenges on the marketing-operations interface in omnichannel retail settings.

The effect of store openings on demand — Empirical investigation on how store openings in an omnichannel
setting affect both primary (category-level) and secondary demand (market shares within category) per

channel


https://onlinelibrary.wiley.com/pb-assets/assets/18731317/JOM%20CFP%20-%20Managing%20the%20Marketing-Ops%20Interface%20in%20Omnichannel%20Retail-1569937378383.pdf
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Online retail/last-mile logistics Data Analytics

Going green in attended home delivery: the impact of

green labels on time slot choice and operational

sustainability - Research on the impact of nudging

customer choice behavior in attended home delivery

Simultaneous customer interaction in online booking

systems for attended home delivery - On modelling the

complex trade-offs between waiting times and service

levels in online booking systems for attended home

delivery



https://papers.ssrn.com/sol3/papers.cfm?abstract_id=3656982
https://eur03.safelinks.protection.outlook.com/?url=https%3A%2F%2Fpapers.ssrn.com%2Fsol3%2Fpapers.cfm%3Fabstract_id%3D3478456&amp;data=04%7C01%7Crooderkerk%40rsm.nl%7Ce4c7362342fd405709d808d8816a061c%7C715902d6f63e4b8d929b4bb170bad492%7C0%7C0%7C637401639651445642%7CUnknown%7CTWFpbGZsb3d8eyJWIjoiMC4wLjAwMDAiLCJQIjoiV2luMzIiLCJBTiI6Ik1haWwiLCJXVCI6Mn0%3D%7C1000&amp;sdata=MMmobIYUSKDMg7TP2YPLThQ%2F7IqAfRyeCqnZPz%2Fo7Ao%3D&amp;reserved=0

Inventory Management @E;i’t;”;.‘i:?;;&?;

Decision Biases of Empirical Newsvendor Decisions: Target Service Levels are Achieved Effectively, but
Inefficiently — An empirical analysis of inventory decisions of bakery products at a large German retail chain.

The article identifies different decision biases of managers how these affect company’s performance.

Which decision support do empirical hewsvendors need? How to use local knowledge best — In a field test
we ahalyze how different decision support tools affect inventory decisions and performance of store

managers. This article discusses how manger’s local market knowledge can be used effectively.



Retail Analytics (R

= Retail Analytics — ongoing study that surveys the academic literature on retail analytics and takes stock of

the most recent developments in terms of technology, data, and analytics in practice.

First results to be presented at the next EURO Working Group on Retail Operations meeting on November 27, 2020


http://www.ewg-retail-ops.eu/

Restaurant Analytics (R

= Restaurant analytics — ongoing study on the current applications and vast future potential of analytics
applications in all decision domains related to restaurants, ranging from strategic issues (e.g. managing the

food supply chain) to operational decisions (e.g. queue management and table allocation).



Warehousing (R

= Safety and productivity in reach-truck operations: a VR
experiment — using Virtual Reality to identify the safety-
productivity tradeoff in reach-truck driving, and the
moderating role of feedback and individual characteristics in

this context.

=  Human-robot collaboration: optimizing the worker allocation

in robotized warehouses to maximize system performance

= Flexible layouts using loT: using data obtained from loT

sensors about worker movement to identify long travel times

Source image
https://roboticsandautomationnews.com/2020/01/31/how-robotics-can-be-

and Optlmlze faClllty layouts extremely-beneficial-to-warehouse-business/29344/



Competitive Intelligence (R

= Optimal location for competing retail service facilities — Analytical approach to solve the location problem

for retail service facilities, consumer-facing storefronts, specifically restaurants, that provide a service and

compete with other retailers.

= Pricing under limited competitor data — ongoing study to present a nhew econometric method for demand
estimation based on—widely available—competitor intelligence data, addressing two important and difficult
gaps in this stream of research: (1) model estimation with competitor effects (2) model estimation when the
firm sells a single product. We use the constructed estimation model to decide on how to set the daily prices

for a hotel.


https://papers.ssrn.com/sol3/papers.cfm?abstract_id=3583413

Truck transportation @32‘1”5”332?3&?;

» Cut the Scrap? Operational Consequences of an Aging Truck Fleet — Using archival data, we test

the relationship between truck age and driver retention, productivity, and unsafe driving behavior.
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Education in Retail and/or Analytics
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MScBA Business Analytics & Management

Master > MSc Programmes

H H H H r RSM Rotterdam School of Management
Our team is heavily involved in RSM's new DU s | s
flagship master programme on analytics

agement > Overview

Robert Rooderkerk serves as academic director ,

Muge Tekin coordinates the Supply Chain
Analytics elective A

Multiple team members are involved in thesis P A R SCEA Specaeenion s
d‘ N ' < x % Analytics & Management

supervision Full-time
P MScBA Business Analytics & Management 60
12 months
Even ‘traditional’ sectors of business have become data-rich — and such businesses need people who can September 2021
find the business benefits in digital applications and technologies. Think of supermarkets with their
abundance of data, or logistics and its dependence on routing and timing information

This specialisation in our one-year (12 month) full-time MScBA study programme teaches you to 3% intemational MSc students at RSM

understand, solve and communicate operational, tactical and strategic challenges from data in
86% of MSc graduates employed

within 3 months after graduation

organisations. What these challenges have in common is their complexity. They need advanced analytics
- but the results can be extremely valuable for business. You will find the causal relationships when you
tackle real-life business problems in the business world Examples of your future job

title: Marketing analyst, Data analyst,
Financial analyst, Supply chain analyst

After completing your core courses, you can choose from electives such as Analysing Digital Footprints,
Supply Chain Analytics or Fintech: Business Models and Applications, before writing your thesis.


http://www.rsm/nl/bam
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MSc Supply Chain Management

. - H RSM Rotterdam School of Management Home > Master » MSc Prog; nes » MSc Supply Chain Management
Niels Agatz serves as the academic director and &l ol e e p- e
co-teaches a course on distribution networks

Rene de Koster teaches a course on facility
logistics management

Debjit Roy teaches a course on service systems

MSc Supply Chain Management

Several theses each year dealing with challenges

in the retail value chain _ ’ ' 60
MSc Supply Chain Management 12 months

September 2021
There's a very close connection between the latest academic knowledge and real-world business

practice in RSM’s MSc Supply Chain Management. You'll learn the latest theories and technologies in class
from world-class researchers and academics, then you will see for yourself how supply chain knowledge

works in the real world, because the Port of Rotterdam and other international supply chain hubs are ? 5 :
PPy 39% international students in

ht d t
right on your doorstep. programme

Here, you can study a broad portfolio of topics from intra-logistics to strategic global collaborations 99% of graduates employed within 3
between firms, and experience working with variety of approaches to analysing the performance of months after graduation
supply chains, from analytic models to qualitative assessments

Examples of your future job

title: Operations manager,
procurement manager, production
planner

You'll study social and environmental sustainability too as well as a focus on cost efficiency and
performance, so you can bring your own positive changes to the practice of supply chain management



ECDA x ETC Summer School @Eiiﬁ”iﬁi?}r:i'é’s'

Robert Rooderkerk has coordinated the 2019 ECDA x Erasmus Tech Community Summer School on Data Analytics

DATA ANALYTICS
SUMMER SCHOOL

1-5 July, Full-time
Erasmus University Rotterdam @&
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Other relevant courses (R

René de Koster and Robert Rooderkerk will develop a new elective course called “Retail Operations” for the
bachelor programmes at RSM

Robert Rooderkerk will develop a Digital Marketing and Operations post-experience course together with
Fabian Sting (Cologne) as post-experience course

Muge Tekin will develop a new elective course called “Supply Chain Analytics” for the Business Analytics &

Management Masters programme at RSM
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Passion provides purpose,
but data drives decisions

Dr. Robert P. Rooderkerk

rooderkerk@rsm.nl

www.eur.nl/data

https://www linkedin.com/in/robert-rooderkerk-046b062/
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